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Polarization Difference Smoothing in Bistatic MIMO Radar

Karthick Subramaniam™ !, Palanisamy Ponnusamy?, and Srinivasarao Chintagunta?

Abstract—This paper investigates the joint direction of departure (DOD) and direction of arrival
(DOA) estimation of coherent targets in bistatic multiple-input multiple-output (MIMO) radar under
the presence of spatially correlated noise. Based on electromagnetic vector sensors at both transmitter
and receiver of MIMO radar, a preprocessing method, namely polarization difference smoothing, is
proposed to remove the coherence between targets and to suppress the spatially correlated noise. Then
DODs and DOAs are estimated using the ESPRIT method. Further, this paper develops a simple
approach for pair-matching between the estimated DODs and DOAs. Simulation results are compared
with the receive polarization smoothing and transmit-receive polarization smoothing methods available
in literature. Results show that the proposed approach improves the performance significantly.

1. INTRODUCTION

In bistatic MIMO radar, transmitter and receiver arrays are at different locations such that the direction
of departure (DOD) and direction of arrival (DOA) are different towards the targets located at far
field [1]. For estimating the DOD and DOA of uncorrelated targets, many investigations have been
found in literature, for example, estimation of signal parameters via rotational invariance technique
(ESPRIT) [2], ESPRIT without pairing [3], multiple signal classification (MUSIC) algorithm [4], trilinear
decomposition-based blind algorithm [5], maximum-likelihood algorithm [6], and the references therein.
Majority of these investigations were based on high-resolution subspace-based methods such as ESPRIT
and MUSIC. In practical applications, the targets are coherent, which leads to a reduction in rank of
the signal covariance matrix, and this matrix rank should be restored before employing ESPRIT and
MUSIC techniques. Spatial smoothing [7, 8] is a standard approach for decorrelating coherent targets by
constructing multiple subarrays and can resolve any number of targets. However, the spatial smoothing
technique requires a large number of subarrays proportionately to the number of targets needed to
decorrelate. Thus, effective array aperture length becomes smaller as the subarray number increases,
and this characteristic leads to the inferiority in performance as well as the number of targets identifiable.
In order to overcome this inferiority, electromagnetic vector sensors (EVSs) [9] are employed as sensing
elements in passive radar.

The BCD tensor modeling for estimating the joint angle of arrival and polarization in an L-shaped
EVSs array is investigated [10]. In [11], a CRB-based transmitting polarization design algorithm is
proposed for estimating the 2D angles in a MIMO-EVSs array. Spatial smoothing algorithm in [12, 13]
and unitary ESPRIT with inherent smoothing in [14] are used to localize the coherent targets in MIMO
radar with EVSs. In [15-17], a polarization smoothing (PS) preprocessing technique is developed to deal
with coherent targets by using EVSs in different structures of radar. In [15], PS technique is discussed
for a passive linear array with EVSs. In [16], PS is extended for a MIMO radar with scalar sensors at
transmitter and EVSs at receiver, and further [17] presents the PS in a bistatic MIMO radar with EVSs
at both transmitter and receiver. Compared with the spatial smoothing technique, PS processing is
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applied to arbitrary array geometry, and it does not reduce the effective array aperture. In both spatial
smoothing and polarization smoothing algorithms, rank of the signal covariance matrix can be restored,
but they retain noise covariance matrix. Hence the subspace-based techniques with spatial/polarization
smoothing are only applicable to spatially uniform white noise.

In [18], considering a planar array with EVSs, a propagator-based method is developed for 2D-DOA
estimation of coherent signals in the presence of spatially correlated noise. In [19], spatial difference
smoothing in bistatic MIMO radar is used to localize the coherent signals in unknown correlated
noise. In [20-22], a method is proposed for angle estimation of targets in bistatic MIMO radar under
the presence of spatially correlated noise. In [23], considering a passive uniform rectangular array,
a polarization difference smoothing (PDS) method is proposed for simultaneously handling coherent
signals and spatially correlated noise. In this paper, we incorporate the PDS approach into a bistatic
MIMO radar with EVSs as sensing elements at both transmitter and receiver. The proposed PDS
approach with ESPRIT for angle estimation is given in Section 3, and the simulation results to justify
the proposed approach are presented in Section 4.

Notation: Vectors and matrices are denoted with lowercase and uppercase bold characters,
respectively. (.)7 denotes the transpose, and (.) indicates the conjugate-transpose. Symbol ® denotes
the Kronecker product. Iy is an N x N identity matrix; Oprxn is an M x N zero matrix; and diag{.}
represents the diagonal matrix.

2. SIGNAL MODEL

Bistatic MIMO radar is considered with M transmitting and N receiving EVSs (six-component EVSs).
The EVSs are positioned uniformly along the z-axis and separated by a distance d; at the transmitter
and d, at the receiver. K far-field targets are present in the same range cell. Then, manifold vectors
of the transmit array a;, € COM*1 and receive array a;, € CON*1 towards the kth target direction are
expressed by

Ay, = btk (th) @ ¢y, (etk7 ¢tk77tk’77tk)

ar, = by (0r,) @ cry (Ory, B, Vogs Ty (1)
where by, = [1, o, - ,a]kW*l]T in which aj = e 725004/ with A being the wavelength, b, =
1, Bk, - - ,ﬂ,iv_l]T in which 8 = e 72mdrsinfr /A and ct,/ Cr, is the spatial response of the transmitting/
receiving EVS. The spatial response c;, i = tg, 1, in vector notation is expressed by

[ c1i ] [ epi ] cos 0; cos ¢; sin y;e" — sin ¢; cos v;
€2, ey,i cos 6; sin ¢; sin v;e" + cos ¢; cos ;
c3,i €2, — sin ; sin %ej”i
CZ = = h = . . . (2)
C4, i — sin ¢; sin ;€7 — cos 0; cos ¢; cos y;
C5,i hy.i cos ¢ sin y;eI™ — cos ; sin ¢; cos ;
| C6,i | e | sin 6; cos ;

where 0 < 0; < 7 is the elevation angle, 0 < ¢; < 27 the azimuth angle, 0 < 7; < 7/2 the auxiliary
polarization angle, and —m < 7; < 7 the polarization phase difference. Note that these angles are
concerned with 7 = tg, 1.

Let s,,, be the P x 1 transmitting coded vector signal by the pth element of the mth EVS, which
satisfies the orthogonality condition,

I {P, m=n&p=q

Sm7psn,q: amun:17'”7M; p7q:17'”76'

0, otherwise

Thus, the total transmission signal by all six elements of all M EVSs is expressed by 6M x P matrix
S = [s,... ST, in which S,, = [Sm1, " ,Sme|’. The transmitted signals steer to K far-field
targets are {atTlS, e ,atTKS}. Considering that {(i,---,(x} are the reflection coefficients of targets,
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echoes can be represented by {Cla;";S, RN KatTKS}. These echoes are impinging on the receive EVSs.
Then, the received signal X (1) € COV*P at the Ith snapshot is given by
K
X(1) =Y anleDal S+ V() (3)
k=1

where V(1) € COV*F is the noise matrix at Ith snapshot. The signal matrix X(I) in compact form is
given by

X(l) = A,LA(DATS + V(1) (4)
where Ay = [ag,, -, aq,] € COMXK is the manifold matrix of transmit array; A, = [a,, - ,a;,] €
COV*K is manifold matrix of receive array; and A(l) = diag{¢1(l), - ,Cx (1)} € CEXK is the diagonal

matrix containing reflection coefficients.

3. PROPOSED APPROACH

3.1. Polarization Difference Smoothing

In polarization difference smoothing, the 6N x K receive array manifold A, is divided into six N x K

subarray manifolds A,; (i = 1,---,6), where the ith subarray manifold A, ; is corresponds to the ith
component of all receive EVSs. Thus, the subarray block A, ; corresponds to E;, = [€zr), -, €zry],
A, corresponds to E,, = [ey;, - ,€yrx], Aps corresponds to E., = [e., ., -+ ,€;:.], Ara
corresponds to Hy, = [hyr, - ,hy ], Aps corresponds to Hy, = [hy, - - ,hy, ], and A,
corresponds to H,; = [h,,,--- ,h,;,]. The subarray manifolds A,;,i = 1,---,6, can be obtained
from the receive array manifold A, as
r;
Tit6
A= " Li=1,---.6 (5)
Fite(N-1)

where r; is the ith row of A,. The subarray block A, ; can also be expressed as
Ar,i - [brl (erl)ci,rla e 7brK (HI“K)C’L',TK] - BrCi,h 1= ]-7 e 76 (6)

where By, = [by, (6y,), -+ , by (0r)] and C;, = diag{cir,,  * ,Cirg }-
Then the received signal X;(l) € CN*P corresponds to ith component of the receive EVSs at the
Ith snapshot which can be expressed from Eq. (3) as

X;(l) = A A(DATS +Vi(1), i=1,---,6 (7)

where V(1) denotes the noise at the ith component of the receive EVSs. The signal X; (1), after matched
filtering with S /v/P, is given by

1
ﬁVi(l)SH e CNX6M y—1... 6 (8)
In order to include inherent smoothing associated with the components of transmitting EVSs, we
rearrange the above signal Xy, (/) as given below

Yi(D) = Boue, D+ %o, (D Xout, (1) X, (D -+ 5 Xouin (D -+ 5 Xouin (D] € CHNX6(9)

out; ) “Fout, » “out; ) “rout,; » “out,; » “out;
t1=1,---,6
where x" (1) € C5%! represents the signal associated with the ith component of the nth EVS of the

out;
receive array corresponding to the mth EVS of the transmit array. The (m,n)th partition nglg: at each
snapshot can be obtained from the signal Xy, in Eq. (8) as xgy, = [Xout, (n,6m — 5 : 6m)]”. The
rearranged signal Y;(l) can be expressed in a compact form as

Yi(1) = BAou()C] + Wi(l) = BDy(I) + W;(l), i =1,--- ,6 (10)

Xout; (1) = VPAA)AT +
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where B = [btl ® br17 e 7btK ® brK] € CMNXK) C; = CtCi,r € C5*K in which Cy= [ct17 T 7Ctk] and
Ciy = diag{cir,, * ,Cirg }, Di(l) = Aout()CT, Aout (1) = diag{~/P(i(1),- -+ ,VPCr(1)}, and W;(1) is

the corresponding noise matrix.
Therefore, the covariance matrix of the signal Y;(l) corresponding to the ith component of the
receive EVSs can be expressed as

Ry, =E[Y;()Y/ (1)) e CY" MY =1, 6 (11)

In order to include the smoothing concerning with the components of receive EVSs and to suppress
the spatially correlated noise, polarization difference smoothing covariance matrix R@ds is defined as

3
Rg)(ds = Z [RYvip - RYJP] (12)
p=1
where indices (i1, i2,43) are the combination of three different digits formed out of the six digits 1, 2, 3,
4, 5, 6, and indices (j1, j2,j3) are the combination of the remaining three digits. Under the assumption
that noise at each component of a receive EVS must be same, difference of covariance matrices Ry ;
will suppress the spatially correlated noise, and their sum will remove the coherence between targets
and can resolve up to 36 coherent targets. However, the resolvable target number can be increased two
times by incorporating the forward-backward averaging to the polarization difference smoothing matrix

pds
RR%,

3.2. Joint DOD and DOA Estimation Using ESPRIT

The manifold vectors by, and by, in matrix B of Eq. (10) satisfy the rotational invariance property, that
is bya, = axby1, and by, = Siby,, where byy, (by,) and by, (byg,) denote the first M — 1 (N — 1)
and last M —1 (N — 1) elements of by, (b,,), respectively. Thus, DOD and DOA can be obtained using
ESPRIT. The algorithmic steps for estimating the joint DODs and DOAs are summarized below.

(i) Compute the snapshot covariance matrix of Y; () using L snapshots as RYJ‘ = & Zle Y (D)YH (1),
where factor 6 is used due to the inherent smoothing.
(ii) Compute the polarization difference smoothing covariance matrix R%’(ds using Eq. (12).

CMNXK and noise-

(iii) Perform the eigendecomposition of R@ds to construct the signal-subspace Eg €
subspace E, € CMNX(MN=K) ' where columns of Eg and E,, are the eigenvectors corresponding to
K largest eigenvalues and the remaining M N — K eigenvalues of RdeS, respectively.

(iv) For DOD estimation, compute eigenvalues {Ag;, Ay, , At} of ¥y = (EHEq) 'EIEq,
where Ey = J1Eg and Eip = JoEs in which J1 = [T | Or—1ynxn] and Jy =
[O(M,l)NxN | I(M,l)N]. Then, the DOD estimates are

A 1 (arg(Me,)

6y, =sin~! | =220k k=1, ,K. 13

tr sin <—27Tdt/)\> ) ) ) ( )

(v) For DOA estimation, compute eigenvalues {Ar,, Ary, -+, Arg } of ¥, = (EEE,))'EHE,,, where
E;i = J3Eg and Ep = J4Eg in which J3 = Iy ® [Iiy_1) | Ov_1)x1] and Jy = Iy ®
[O(N_l)X1 | I(N_l)]. Then, the DOA estimates are

A o — arg()\r )

Hr — 1 k

e =S (—27rdr/)\

(vi) For pairing the DODs and DOAs, we utilize the principle that columns of B are orthogonal to
columns of E,. Thus, pairing between étk and érk of a particular target can be obtained by finding
f(étk,érp) = bH(étk, érp)EnEng(étk, érp), k,p=1,---, K, and selecting the angle indexed by the
minimum value concerning érp for each étk, where b(étk, érp) = btk(étk) ® brk(érk).

), k=1, K. (14)
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4. SIMULATION RESULTS

Monte-Carlo simulations are presented here to evaluate the accuracy and precision performance of
the proposed polarization difference smoothing (TrRr-PDS) under the presence of coherent targets
and spatially correlated noise. The performance is compared with the existing receiver polarization
smoothing (Rr-PS) [16] and transmitter-receiver polarisation smoothing (TrRr-PS) [17]. Accuracy is
described by the averaged root mean squared error (RMSE) of direction estimates, defined by

1 M. K R ) ) )
2K M., ; ; {(ew - 0tk> + (Hrk,i - Hrk) ] (15)

where étm/érkz is the estimate of 6, /6, at ith Monte-Carlo trial, and M, is the total number of
executed trials.

In all simulations, we consider M = N = 10 EVSs with spacing d; = d;, = A\/2 at both transmitter
and receiver, Hadamard matrix of order P = 64 for generation of the transmission signal S, L = 100
snapshots (except for Fig. 2 in which L varies from 10 to 200), and M, = 500 Monte-Carlo trials are
executed. The spatially correlated noise is generated such that its covariance matrix R, is given by

Rogy = {7 S N g
VIR T g2 plk=leink=D/N  otherwise = {5

RMSE £

- NE (16)

where pl*~!l is the correlation coefficient between the kth and Ith EVSs, and o2 is the noise power. The
noise power o2 is chosen in accordance with the provided signal to noise ratio (SNR) and signal power

02 £ 1 S E[G(DEH ()] Note that p = 0 for spatially white noise.
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Figure 1. RMSE versus SNR. (a) Spatially white noise. (b) Spatially correlated noise.

Figures 1, 2, and 3 illustrate the RMSE of direction estimates versus SNR, snapshot number L,
and correlation coefficient p, respectively. In these evaluations, we set K = 3 coherent targets with 6y =
{10°,16°,23°}, 0, = {26°,13°,20°}, ¢y = {120°,30°,40°}, ¢, = {25°,35°,145°}, v = {15°,20°,45°},
v = {45°,30°,60°}, ny = {1.5708,—0.7854,0.7854}, and 7, = {—1.5708,1.0472,0.5236}. Reflection
coefficients of coherent targets are generated by (x(l) = €x(o(l), where (e1,€9,€3) = (1,1 4+ 1.25,1 — 5)
and {¢o(1),---,Co(L)} are the complex normalized Gaussian samples. SNR ranges from —10dB to
20dB with interval of 5dB in Fig. 1, and constant at 0dB in both Fig. 2 and Fig. 3. In Fig. 1 and
Fig. 2, correlation factor p of correlated noise is taken as 0.98 whereas in Fig. 3 p varies from 0 to 1 with
0.1 step size. Fig. 1(a) evaluates RMSE versus SNR under the presence of spatially white noise, and
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Figure 4. Scatters of (;,6;) using the method in [16]. (a) Uncorrelated noise. (b) Correlated noise.

Fig. 1(b) evaluates that in spatially correlated noise. The RMSE in Fig. 1, Fig. 2, and Fig. 3 signify
that the accuracy performance of the proposed PDS approach is superior significantly at low SNR as
compared with the approaches in [16] and [17]. This superior performance is due to the smoothing
factor as well as the removal of noise. Note that the smoothing factors of the proposed method and the
method in [17] are the same which is 36, whereas the smoothing factor of the method in [16] is 6.
Figures 4, 5, and 6 show both accuracy and precision performances through the scatters of DOD
and DOA estimates executed over 500 independent trials. Figs. 46 also describe the pairing between
DOD and DOA estimates. In this analysis, we consider SNR = 0dB, p = 0.85 for correlated noise,
and K = 4 coherent targets with (€1, €9, €3,€4) = (1,14 1.25,2 — 5,4 — j), 6y = {25°,30°,35°,40°}, 6, =
{37°,47°,32°,42°}, ¢ = {32°,55°,46°,64°}, ¢, = {26°,42° 35° 56°}, v = {45°,45°,45°,45°}, ~ =
{31°,60°,40°,70°}, ny = {—1.5708,1.0472,0.7854,0.5236}, and 1, = {0.7854,0.5236, —1.0472,0.6283}.
With the pairing approach described in step-vi of section 3.2, the estimates of DODs and DOAs are
paired accurately. The scatters of DOD and DOA estimated in Fig. 4, Fig. 5, and Fig. 6 show that the
accuracy performance of the proposed method (Fig. 6) is significantly relative to the methods in [16]

(Fig. 4) and [17] (Fig. 5).
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Figure 5. Scatters of (6, 6;) using the method in [17]. (a) Uncorrelated noise. (b) Correlated noise.
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Figure 6. Scatters of (0;,6,) using the proposed method. (a) Uncorrelated noise. (b) Correlated noise.

5. CONCLUSION

A polarization difference smoothing preprocessing approach is proposed for a bistatic MIMO radar to
deal with coherent targets and spatially correlated noise. Simulation results show that the proposed
approach outperforms the existing polarization smoothing based methods, particularly at low signal to
noise ratio region. Further, the DOD and DOA estimates are paired accurately with a simple procedure
developed using the orthogonality between noise subspace and manifold vector of estimated angles.
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